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Abstract

There has been an increasing trend of using artificial intelligence applications in behavior
management to find intelligent solutions for over-behavioring students in any educational setup.
Quantitative research was conducted in the educational institutions of Bangalore, India to
investigate the behavior management role of Al. The study involved a sample of 76 educators
and administrators who contributed to the current cohort with observations on their perceptions,
intentions, predictors for adopting Al-based behavior management systems. Descriptive statistics
showed the program achieved a heterogeneous sample, covering a wide range of familiarity with
Al issues and number of years in education. The regression analysis revealed that familiarity with
Al, years of practice and age were strong predictors of the likelihood to adopt an Al-based
solution. This analysis on correlation allowed for another interpretation between these variables,
showing how individual characteristics and attitudes are crucial in building the intention to adopt.
The results highlight the promise of Al in behavior control, with increased operational efficiency
and personalized intervention. We also discuss ethical considerations and concerns about
algorithmic bias. These findings lead to recommendations for affinity group training, awareness-
building activity distributions, moral ethics codes, and partnering with advocacy groups or policy
makers who promote the responsible implementation of Al in behavior manipulation. learning.
The study adds to the emerging literature on Al in education by providing valuable information
and guidance for harnessing the potential of Al tools wisely towards the betterment of both
students and teachers.

Keywords: Artificial Intelligence, Behaviour Management, Behavioural Problems,
Educational Institutions, Machine Learning.

Introduction

The fusion of Al and traditional pedagogical practices in the current education scenario has
generated a transformative gush. From personalized learning platforms to adaptive assessment
tools there is no field where Al technologies are not revolutionizing the process of student
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engagement and classroom dynamics for an educator. The best use of Al is seen in behavior
management in educational institutions.

Behaviour management refers to a range of strategies used to encourage appropriate behaviours,
deter challenging concepts and environments that are conducive to learning. Standard discipline-
based response systems and subjective evaluation don’t necessarily meet the demands or
challenges of today’s more diverse student body in a way that traditional models can be
considered adequate. As educational entities seek to respond to student demographics that are
becoming more diverse and with social emotional needs they themselves have not traditionally
addressed, a desire for innovative approaches that help institutions leverage data is rising.

That is where the power of artificial intelligence (Al) comes in — by being able to process data,
find a pattern and deliver insights. Recently, the Al based behavior management systems have
started popping up as one of the great possible ways to solve some of these complex problems
from which an educator might also be suffering. The systems use machine learning algorithms to
analyse student behaviour data, make predictions about behavioural patterns and suggest
personalised intervention for every individual student.

This is especially evident in Bangalore, India’s tech capital and the heart ofa bustling metropolis.
A destination for Al research, Bangalore provides an enriched environment of tech startups,
universities and research centers spanning the wide potential collaborations focused on
connecting Artificial intelligence to behavior management in educational environments. Against
this background, the present study attempts to explore the functioning of Al and its contribution
in controlling behavior in Bangalore’s educational institutions. Consequently, investigate
whether or not such a system is effective and what are their challenges and implications for
educating overall?

Conclusion: Teachers and policymakers must adjust to the reality of 21st-century classrooms, be
it as it may with Al-powered behavior management systems. This study seeks to contribute to
these goals by identifying the opportunities and challenges of Al adaptation in behavior
management, which may provide stakeholders with a basis for evidence-informed decision-
making, support inclusive educational initiatives, and facilitate continuing discussions on Al
within the education domain. An in-depth and holistic investigation into the views of
stakeholders, their experiences, and also into the wider education field will prepare for new data-
informed initiatives concerning behavior management in Bangalore-based schools.

Review of Literature

Artificial Intelligence (Al) can be a promising solution to addressing the above challenges in
behavioural management in education. This review consolidates the findings presented in 20
papers, which study Al and behavior management and consider predictive analytics, machine
learning methods and decision support systems when used within educational settings.

A number of research studies, have demonstrated the tremendous possibilities that can be
achieved in behavior prediction and modeling through Al-based methods. Smith (2020)
highlights the importance of Al in student behavior analysis showing that it is successful in
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detecting patterns and predicting further actions. In a similar way, Patel and Gupta discuss
machine learning algorithm approaches to predicting actual behavior, demonstrating the
usefulness of Al algorithms in identifying behavioral patterns.

Al based tools for management of classroom behaviors have been used to a certain extent as
identified in the review. Kumar and Sharma 2018, on the other hand, offers a vast review of Al-
based tools used for behavior management in classrooms which could be an avenue for possible
improvement in teacher’s efficacy as well as student engagement. Gonzalez & Lee undertook a
systematic review of Al and classroom management. They identify personalized interventions as
key to the successful treatment of students’ behavior.

There has been a wealth of work in the area of predictive analytics in education, particularly on
prediction via machine learning methods for predicting behaviors. Wang and Chen (2016)
provide a literature review based on predictive measures in education, with respect to the
application of machine learning algorithms towards prediction student behavior. Jackson and
Kim (2015) survey machine learning for student behavior prediction providing a more
comprehensive view on the domain, highlighting the opportunity of data-driven decision in
operational contexts.

Artificial Intelligence has been reviewed regarding decision support system in education. Gupta
and Singh (2014) also presented Al-based decision support systems in education. Such systems
can be used to help educators make decisions about behavior management. In their systematic
review of Al uses in educational settings, Chen and Wu note the significance for decision-
making criteria to be data driven.

In sum, the findings from reviewed literature displayed amazing potential for Al in behavior
management to be implemented across educational settings. By utilizing the concepts and tools
behind predictive analytics, machine learning, decision support systems will help educators to
understand students’ behavior and take corrective measures to ensure positive results.
Nevertheless, while Al has shown increasing promise across a range of modalities for behavior
management, ethical and efficacy issues regarding data privacy as well as algorithmic bias will
need to be side stepped.

Need for the Study

Behavioural problems in educational environments remain a barrier to successful instruction and
learning. Many of the traditional models and strategies used to address student behavior are
ineffective. Leveraging Al enables educators to gather a greater understanding of student
behavior and apply necessary targeted interventions at an individual level. With such a
technological boom in the educational grounds of Bangalore, is there an immediate requirement
to understand and leverage Al into this vast space to manage behaviour?

Objectives of the Study

Major aims and objectives of this research thus include the following:
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» To evaluate the effectiveness of Al-based behavior management approaches in Bangalore’s
educational institutions.

» To determine the factors affecting implementation and use of behavior management Al-based
strategies.

» To investigate various stakeholders’ perspectives on behavior control in regards to Al
incorporation into practice.

Limitations of the Study

The scope of the study was only restricted behavior management to that extent, in educational
institutions located within Bangalore, which might have at some level curtailed the generalisation
facts for regional/ national levels. Nevertheless, the study intended to deliver beneficial findings
on the use of Al tools in this context and help future studies expand knowledge by laying a solid
foundation for further research in this field.

Research Methodology

The cross-sectional research design used to capture perceptions and experiences of the
stakeholders about Al in behavior management. In this way, we designed our systems well to
take that many data in just the time frame.

Sampling Technique

A purposive sampling technique used to select participants on the basis of their knowledge base
and connection with the study outcomes. Educators and Al experts who are directly involved or
interested in the thing about behavior management happening in Bangalore Educational
institutions.

Sample Size

This selection mechanism use an expert skill and knowledge which are affect to study aims.
Educators, administrators and Al developers who are directly involved or concerned with
behavior management in the educational institutions of Bangalore. With a sample size of 76, best
efforts were made to recruit participants representative of various educational settings and
professional roles. “This enabled us to get quite a broad range of perspectives and experiences on
Al within behaviour management” the research team said.

Nature of the Data

Data was collected quantitatively in this paper using response to structured questionnaire items
which measured stakeholders’ perceptions, attitudes and experiences towards Al in behavior
management.

Data Collection Tool

The primary data collection form was the structured questionnaire, which was used in the study.
Redesigned questionnaire to solicit responses relating to, stakeholders’ perspectives on Al in
behavior management, the adoptions influencers and perceptions of benefits and risks.
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Statistical Tools

The statistical tools such as regression analysis or correlation developed in the framework of
descriptive statistics help to interpret and compare quantitative data collected within
questionnaires. It is with the aid of these tools that we were able to explore and find relationships

between variables, ascertain various patterns or trends in the data.

Data Analysis Interpretation

Table 1: Descriptive Statistics Of Participants

Variable Mean | Standard Deviation | Minimum | Maximum
Age 356 6.8 25 55

Years of Experience 10.2 | 4.5 2 20
Familiarity with AI (1-5) 3.8 1.2 1 5
Likelihood of Adopting Al (1-5) | 4.2 0.9 2 5

Interpretation

So, in addition to age and years of experience, the descriptive statistics now include how familiar
users are with Al as well as the likelihood they will adopt an artificial intelligence-based
behavior management system.

The mean familiarity score reported by the participants was 3.8 (1 to 5) with a standard deviation
of 2 This shows that the participants tend to be somewhat familiar with Al technologies,
averaging a rating of 1 (not at all) to 5 (very familiar)

Interms of likelihood to adopt the Al-based behavior management system, mean was 4.2 (out of
5) with std dev = 0.9 among participants. "Overall, on average, participants are in high agreement
to the adoption of Al used in managing behavior by scoring between 2 and five based on their
views outlook"

Table 2: Regression Analysis Results

Predictor Variable Coefficient Standard Error t-value p-value
Familiarity with Al 0.45 0.12 3.75 0.001
Years of Experience 0.32 0.09 3.56 0.002
Age -0.28 0.08 -3.42 0.003
Interpretation

A multiple regression analysis was performed for all three independent variables: familiarity with
Al, years of experience and age as they predict the probability of adopting a behavior
management system that is based on Al.

i. Familiarity with AI: The coefficient of 0.45 implies that if the researchers increase
familiarity by one, they predict an increase of 0.45 in adoption behavioral toward Al-based
system The relation, though statistically robust (p = 0.001), may indicate that the attention is
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a mediator of expert familiarity with Al technologies leading to higher implementation
chances in behavior management.

ii. Experience: With a coefficient of 0.32, the number of years in education is expected to
increase by 0.32 units due to one additional year at work when using Al-based systems. p =
0.002) is significantly associated with adopting Al-based solutions which implies that a
person would be more likely to adopt the solution proportionally with their experience.

iii. Age: Coefficient of -0.28 which meant that one increment in year purposed a predicted
decrease with LOR ofadoption Al-based task systems by 0.28 units for every unit increase in
age (holding all other variables constant). The correlation is statistically significant (p =
0.003), meaning that older people are significantly less likely to accept Al solutions than
younger ones, as one might have expected

The overall regression model indicates that familiarity with Al, years experienced, and age are
significant predictors of the likelihood to adopt behavior management systems based on Al.
Taken together, these results underscore the warrant for considering individual-level traits and
beliefs in environments where Al-based systems are embedded.

Table 3: Correlation Matrix

Familiarity with Al Years of Experience Age
Familiarity with Al 1.000 0.452 -0.367
Years of Experience 0.452 1.000 -0.298
Age -0.367 -0.298 1.000
Interpretation

The correlation matrix investigates relation familiarity with Al, years of experience and age.
i. Familiarity with Al

Indeed, there is a moderate and positive relationship between knowledge about Al and
experience (r =0.452, p <0.01). This indicates a pattern where those who know more about Al
also have spent more years of their life in educational institutions.

However, there is a rather weak negative correlation between Al awareness and actual age of
respondents (r =-0.367, p <0.01). This shows that younger people are much more likely to be
familiar with AI* than those who are older.

ii. Years of Experience

The relationship of years with Age also showed a weakly negative correlation, r = -0.298
(p<.01), meaning that the older individuals were correlated to having fewer years working in
education compared with younger ones.

iii. Age

Interestingly, there’s little to no correlation with age and familiarity w Al or years of experience.
That might mean that we could expect one’s knowledge level/familiarity with Al technologies
and class management experiences to differ by their age.
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“Such correlations can shed light on how demographic variables are associated with levels of
familiarity and be an indicator of what potential factors might play a role in someone’s
experiences or opinions toward the use of Al for one’s behavior”.

Findings of the Study
i. Demographic Profile

The study participants had a mean age of 35.6 years and the ages of the study subjects varied
from 25 to 55 years. The mean years of experience in education was 10.2 ranged variant from a
minimum 2 to maximum of 20 years The wide range of demographic profile reflects that the
sample is diverse and varied in needing experiences about educational sector.

ii. Perceptions and Intentions

The average familiarity score of Al technologies was 3.8, suggesting that the participants had
general knowledge about these tools with a mean likelihood score 0f4.2, their scores indicate the
participants have an intent to adopt Al behavior management systems.

The core perceived benefits from the use of Al in behavior management are increased efficiency,
personalized interventions and data-based choices. At the same time, however, this has raised
some ethical questions concerning privacy and later discovered biases of the Al Algorithm.

iii. Regression Analysis

Using regression analysis, the study found that familiarity with Al, years of experience in
education and age predicted significantly the likelihood to adopt Al-based behavior management
systems.

More familiarity with Al, years of experience and younger age were positively associated with
the likelihood of being an adopter. Therefore the people who are more aware of Al technologies,
have had more experience in education and younger by age group would prefer adopting Al
based solutions.

iv. Correlation Analysis

Familiarity with Al and length of experience is positively correlated through arithmetic
operations, which suggests that familiarity correlates to length of experience both; the more
familiar people were, the longer they had worked in education.

In addition, the results showed a negative correlation between familiarity with Al and age. This
indicates that younger people are likely more familiar with Al technologies than older individuals
Deque€™s assistive technology tools.

v. Implications

The results emphasize that while incorporating Al technologies into behavior management used
in educational institution settings, individual characteristics and attitudes must be taken into
account.
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Educators or administrators may also have more exposure to Al, and/or more years of experience
in education, thus acting as important advocates for the implementation of Al-enabled solutions
"Efforts to increase understanding, readability and usefulness of Al by older persons or those
with less experience could lead to greater acceptance and integration of behaviour management
through artificial intelligence," says the study.

Suggestions

i

ii.

iii.

iv.

vi.

vii.

viii.

Targeted Training Programs: Creation of specific programs for training and workshops,
which are aimed at improving educators’ knowledge about Al technologies. Such programs
would help to increase the awareness as well as knowledge of educators with regards to how
they can use Al-based behavior management systems efficiently.

Promote Awareness: Launch awareness programs, and heads-up mechanisms to promote
awareness on Al technology among the educators as well as the administrators. The potential
benefits of Al in management could be efficient, tailored interventions or data-based
decision.

Inclusive Implementation Strategies: Create inclusive implementation strategies that meet
diverse needs and preference adjustments by educators of all ages, with various levels of
experience. Support and resource items that have been specifically tailored to address the
issues or challenges of educators when they adopt Al-based solutions.

Ethical Guidelines and Training: develop clear ethical guidelines including standards for
the responsible use of Al in behavior management. Training and preparing educators and
administrators to understand Al technologies in school applications will help address these
ethical challenges, and place the humans in a better position to make judgments on how
machine-driven insights are used.

Cooperative Partnerships: Establish a coherent work module among educational
institutions, technology companies and Al experts to co-design and co-create of an Al-
powered approach for behavior management system. We need to tap into interdisciplinary
expertise to come up with creative solutions that cater specifically to the requirements of
educators and students.

Continuous Evaluation and Improvement: Set-up mechanisms for continuously evaluating
and improving Al-driven behavior management systems. Gather feedback from educators,
students and other relevant stakeholders in order to find out how Al technology can be
improved.

Policy Advocacy: Advocate for policies and regulations that promote responsible and
appropriate incorporation of Al in behavioral management programs implemented by
educational facilities. Collaborate with policymakers to build frameworks that ensure the
ethical approach, data privacy and fairness in the use of Al implementations.

Research and Innovation: Promote continuous research and innovation in Al behavior
management. Enter into interdisciplinary research ventures that study and investigate the
performance of Al in relation to education, psychology, and human-computer interaction.
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Conclusion

This study has revealed insights into the prospects of artificial intelligence (Al) in transforming
behavior management strategies at learning institutions. The information and understanding
gathered regarding the perceptions, intentions, and predictors of Al-based behavior management
system adoption support awareness for discussing opportunities within challenges while
integrating Al technologies in educational settings.

Based on the results of our study, we can conclude as follows: The familiarity with Al and
experience in years as an educator and age are some of the most relevant factors that significantly
impact the adoption rate for behavior management Al solutions. Those who are more conversant
with Al technologies, those who have had greater exposure to using edTech and younger
educators and administrators tended toward Al-driven approaches. This phenomenon highlights
the need to maintain participant-specific characteristics and attitudes in mind when implementing
Al technologies within education contexts.

In addition, the study also outlines certain perceived advantages in utilizing Al for behavior
management such as increased efficiency, tailor-made interventions, and insights based on big
data. On the other hand, an issue was raised on ethical aspects, privacy and bias of Al algorithms.
Resolving such issues and enabling the responsible deployment of Al is crucial to building trust
in, and acceptance of, Al technologies in education.

Regarding the future research, it would be pertinent to conduct longitudinal studies and diverse
qualitative investigations (such as interviews) related to the topic of Al-based behavior
management systems in addition addressing cultural differences. Also, intervention study is
possible from this perspective too. Furthermore, measures should be constructed to organize a
code of ethics, conduct training programs designed for professional growth and development,
partner with other organizations helping in the proper implementation Al into practices that
affect behavior.

As a conclusion, even though Al offers hope to revolutionizing behavior management in schools
and other educational environments, care must be taken. Worsening the already existent ethical
challenges is not an option; thus growing such technology has to deliberate on all associated
issues. Harnessing Al’s power, while taking into consideration its drawbacks and limitations can
help us build robust, fair and inclusive learning environments that work for all students — to
accelerate their potential.
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